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Abstract 
We study the economic cost of language barriers of immigrants from each different 
linguistic origin in Australia. We estimate the wage difference between immigrants from 
each different linguistic origin and English origin immigrants, which is explained by 
different English proficiency resulted from language barriers. We group immigrants 
together if their country of origin shares the same dominant language. Employing a 2-
step method using the panel data form HILDA (Household, Income and Labour 
Dynamics Australia) survey, we find that all the immigrants from linguistic origins other 
than English earn 15% to 45% less than native English-speaking immigrants. Compared 
to native English-speaking immigrants, immigrants from Dutch origin earn 14.37% less, 
whereas immigrants from Chinses origin earn 43.97% less.  
 
 
 
 
 
 
 
 
 
 
 
Keywords: linguistic origin, weekly income, immigrants, English proficiency, economic 
cost, language barrier, 2nd step with FE 
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1 Introduction 
 
 
1.1 Background 
 
Good language proficiency is widely regarded as an essential skill for immigrants in the 
destination country. Language proficiency contributes to immigrants’ social and 
economic integration and assimilation. The previous literature has discussed the effect of 
language proficiency on immigrants’ labour market and social outcomes (Chiswick and 
Miller, 2007, Clarke and Isphording, 2017, Yao and van Ours, 2015). However, there is 
no paper investigating the economic cost of language barriers faced by immigrants from 
each different linguistic origin through language proficiency.  
This paper fills the gap and studies the effect of linguistic origin of immigrants on labour 
market outcome, which is estimated as the economic cost of language barriers faced by 
immigrants from each different linguistic origin.  
 
1.2  Motivation 
 
The increasing diversity of linguistic origin of immigrants in destination countries is our 
main motivation. Looking through the previous literature, the effect of linguistic origin 
on immigrants’ labour market outcomes has not been studied. In year 1995-1996, in 
Australia, the top three origin countries of immigrants were the United Kingdom (7%), 
New Zealand (2%) and Italy (1%) (Australian Bureau of Statistics, 2018), among which 
the immigrants have Indo-European linguistic origin. Differently, in year 2018-2019, the 
top three origin countries of Australian immigrants have changed to the United Kingdom 
(3.9%), China (2.7%) and India (2.6%) (Australian Bureau of Statistics, 2018), among 
which the number of non-Indo-European origin immigrants has significantly increased. 
Proved by linguistic literature, immigrants from different linguistic origin face different 
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level of language barriers when learning a new language (Isphording and Otten, 2013). 
From the perspective of economics, we are motivated to estimate the economic cost of 
language barrier faced by immigrants from each different linguistic origin. 
 
1.3  Method 
 
Our two-step approach using the panel data of Australian immigrants sourced from 
HILDA survey. In the first step, we use a Probit model to estimate the effect of linguistic 
origin on immigrants’ English proficiency. In the second step, employing the estimated 
English proficiency from the Probit model, we estimate the effect of English proficiency 
on immigrants’ weekly income from the main job.1 Controlling for all the other variables 
in the second step, by substituting the estimated English proficiency of each linguistic 
origin, we can get the economic cost associated with language barriers of immigrants 
from each different linguistic origin by estimating the wage differences, using English 
origin immigrants’ weekly income as the benchmark. 
 
1.4  Data and Empirical Results 
 
The data used in this study is a panel data set covering 17 years (2001-2017) with a large 
number of observations, which is sourced from the HILDA survey – Household, Income 
and Labour Dynamics in Australia survey (MelbourneI nstitute, 2020). Our estimates 
show that linguistic origin has a significant effect on the English proficiency of 
immigrants in Australia, which is estimated using labour market outcome variables. 
Compared to the English origin, all the other linguistic origin has a negative effect on 
                                                 
1 Hereafter we use ‘weekly income’ to ‘represent weekly income from the main job’. 
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immigrants’ English proficiency, resulting in less earnings of weekly income. Dutch and 
German origin immigrants are least affected by their linguistic origins and tend to have 
the highest English proficiency. The Dutch origin immigrants and German origin 
immigrants are estimated to earn respectively 14.37% and 16.13% less per week than 
English origin immigrants. Whereas Japanese and Chinses origin immigrants tend to have 
the lowest English proficiency. As a result, the immigrants with Japanese origin and 
Chinese origin are estimated to earn respectively 43.95% and 43.97% less per week than 
the immigrants who are native English speakers. The economic cost of language barriers 
is more than 2 times higher for Asian language origin immigrants compared to German 
and Dutch origin immigrants.  
This paper measures the economic cost of language barriers, whereas the linguistic 
literature measures the language barriers in terms of linguistic differences. Although the 
measurement we use for language barriers is different from the linguistics, the estimations 
of this paper correspond to empirical results in linguistics regarding the relationship 
between language barriers and linguistic distances.  
We find that the economic cost of the language barrier faced by Dutch and German origin 
immigrants are almost 1/3 of the economic cost of the language barrier faced by Japanese 
and Chinses immigrants. Similarly, concluded by linguistics, the closer the distance 
between the two languages is, the smaller the language barrier is. Dutch and German are 
much closer to English than Japanese and Chinese, which results in smaller language 
barriers for German and Dutch origin immigrants to learn English (Isphording and Otten, 
2013).  
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1.5  Contribution  
 
The contribution of this paper is threefold: First, this paper fills the gap in the existing 
literature regarding immigrants’ integration and assimilation in destination countries. 
There is no paper discussing the effect of each different linguistic origin of immigrants 
on their labour market outcomes. We investigate the effect as the economic cost of 
language barriers faced by immigrants from each different linguistic origin. This paper 
sheds some light on this field of literature. 
Second, this paper contributes to the policy-making regarding immigrants. Our empirical 
results show that immigrants from each different linguistic origin face different economic 
costs of language barriers. As the linguistic origin diversity of immigrants has been 
growing globally, this paper offers some insights for the policy makers to consider when 
making policies to promote the integration and assimilation of immigrants. It is crucial to 
consider the linguistic origin of immigrants as it significantly affects the labour market 
outcomes of immigrants.  
Third, this paper contributes to the empirical approach of this field. This paper does not 
use OLS or 2SLS as previous papers when discussing language proficiency related 
economic topics. The 2-step approach of this paper can be applied to any migration 
country with any destination language, which offers a new empirical approach to measure 
the economic effect of linguistic origin of immigrants in destination countries. 
 
 
1.6 Roadmap of This Paper 
 
Following the introduction, Section 2 concentrates on literature review and Section 3 
explains the data used in this paper and the descriptive statistics. Section 4 describes the 
 12 
Econometric model and Section 5 explains the estimation results. Lastly, Section 5 
concludes the summary and implications.  
 
 
 
 
2 Literature Review 
 
This section reviews the previous literature that discusses the effect of language 
proficiency on economic and social outcomes of immigrants in the destination country. 
The papers in this field are closely related to our paper, as we need to investigate the 
relationship between English proficiency of immigrants and their labour market 
outcome to estimate the economic cost of language barriers through English 
proficiency. 
 
2.1  Overview of Previous Literature 
 
Since Chiswick (1978), where the earnings of foreign-born white men and native-born 
white men in the U.S. are compared, the literature on the relationship between language 
proficiency and immigrants’ social and economic outcomes have rapidly grown for the 
last three decades. 
Most of the papers in this field studies the immigrants’ assimilation and integration in the 
United States and the European countries, as those countries have been the most popular 
migration destinations. Bleakley and Chin (2010) discusses the effect of age at arrival and 
English proficiency on social assimilation in the United States. Algan et al. (2010), Hunt 
(2012) and Miranda and Zhu (2013) discuss the effect of English proficiency on labour 
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market outcome in UK. Besides UK, the topic has also been discussed in other European 
countries, such as Spain (Budría and Swedberg, 2012), Russia and other former Soviet 
Union countries (Algan et al., 2010), Germany, Italy and Spain (Gazzola and Mazzacani, 
2019), and Netherland (Yao and van Ours, 2015). Noticeably, all the papers mentioned 
above divide immigrants into native English-speakers and non-native English-speakers 
when dealing with the linguistic background of them. Different to those papers, this paper 
uniquely divides the immigrants into a set of linguistic origin groups in order to estimate 
the economic cost of the language barriers faced by immigrants from each different 
linguistic origin. 
Although Australia is also one of the most popular migration destinations, Australia has 
not been discussed as much regarding the effect of English proficiency and labour market 
on social outcomes compared to the U.S. and European countries. Chiswick and Miller 
(1995) study the endogeneity between language and earnings in Australia. The results 
from Australia are compared with analyses of the United States, Canada and Israel. Cai 
and Liu (2015) investigate the wage differential between the native-born and the foreign-
born in Australia, where they estimate the differences by gender and the immigrants’ 
country of origin. Clarke and Isphording (2017) focus on the impact of English 
proficiency on immigrants’ health status in Australia.  
We choose Australia as the destination country of this paper as Australia has not been 
discussed as much and our study can contribute to the literature using the data of Australia. 
2.2 Empirical Methods of Previous Papers 
 
In the early stage of the literature, most papers use OLS when discussing about 
immigrants’ language proficiency relevant topics. Chiswick (1978) uses OLS and finds 
out that foreign-born white men earn 1% lower than native-born white men in the United 
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States. Dustmann (1994) uses OLS to discuss the effect of German proficiency on 
earnings in Germany. As the relevant researches develop, the researchers are concerned 
about the endogeneity in language proficiency when using OLS to estimate the effect of 
language proficiency on labour market outcomes (Chiswick and Miller, 1995). Since then, 
2SLS with IVs employed in the first stage to estimate English proficiency has gradually 
replaced the simple OLS approach. The biases of simple OLS basically come from three 
sources: First, the language proficiency and the outcome variables may be correlated with 
some unobservable characteristics of immigrants, resulting in an inconsistent estimated 
effect of language proficiency. Second, the outcome variable, such as employment and 
earnings, can in turn affect language proficiency, causing simultaneous causality. Third, 
self-reported English proficiency could be inaccurate, resulting in an over or under 
estimation of language proficiency (Yao and van Ours, 2015). 
The IVs employed by previous papers are worth to mention as we also employ an IV in 
the Probit model to get rid of the endogeneity of English proficiency. Chiswick and Miller 
(1995) employ a dummy for overseas marriage, the age and number of children, and the 
minority concentration measures. Chiswick (1998) uses a dummy for marriage before 
migration and a dummy for living with children. Bleakley and Chin (2004) use the 
interaction of Age-of-Arrival (a dummy for arrival before 12) and the dummy for born in 
Non-native English-speaking countries.  
Following the previous papers, when estimating the English proficiency in our Probit 
model, we employ Age-of-Arrival as the IV to overcome the endogeneity of English 
proficiency in estimation of the weekly income equation in the second step. 
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2.3  The Gap in Existing Literature 
 
There is no previous paper studying the effect of linguistic origin on economic or social 
outcomes of immigrants. There are two papers using linguistic origin as an IV in 2SLS 
when estimating the effect of language proficiency on immigrants’ economic and social 
outcomes. 
Beenstock et al. (2001) is the first using linguistic origin of immigrants as an IV in the 
first stage to instrument Hebrew proficiency of immigrants in Israel. The research 
objective of their paper is to prove that linguistic origin is a valid IV to overcome the 
endogeneity of language proficiency. Clarke and Isphording (2017) is the other paper 
using linguistic origin as an IV. They include language origin to instrument English 
proficiency when discussing about the impact of language skills on immigrants’ health in 
Australia. However, as they regard the linguistic origin as an IV for language proficiency, 
they naturally conclude there is no further direct or indirect effect of linguistic origin on 
the outcome variables because of the exogeneity of linguistic origin as an IV (Clarke and 
Isphording, 2017). The same goes for Beenstock et al. (2001). 
In particular, this paper uses linguistic origin as a control variable instead of an IV for 
English proficiency. Our main interest is to estimate the effect of linguistic origin on 
labour outcome variables through English proficiency, which is measured as the 
economic cost of language barrier. 
3 Data and Descriptive statistics 
 
 
3.1  Data 
 
The paper uses panel data from wave 1 (2001) to wave 17 (2017) of the HILDA survey, 
which is a household-based panel study that collects valuable information about 
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economic and personal well-being, labour market dynamics and family life of Australians. 
The HILDA Survey started in 2001 and collects the data about more than 17,000 
Australians each year. (Melbourne Institute, 2020) 
 
3.2  Descriptive Statistics 
 
After restricting the observations to currently employed immigrants who were born 
overseas with complete answers in the survey, we have 18,052 person-year observations 
in our sample. Following Clarke and Isphording (2017), we assume the dominant 
language of the origin country as the immigrants’ first language unless the first language 
of the immigrant is specified. We arrange immigrants who have the same first language 
into a linguistic group and create 13 representative linguistic groups including English. 
We form one more group by collecting all the other languages with few observations. For 
immigrants who were born in English speaking countries and do not speak English as the 
first language, we further create another linguistic group for them as we suspect that they 
may have different English ability. That is, a person in US who mainly speaks Spanish 
might be more fluent in English than a person in Cuba who speaks Spanish. So, even if 
we had specific information about their first language, it would be better to have a 
separate group.   
Table 1 contains the descriptive statistics about linguistic origin of immigrants in our data 
set. Of these observations, 32.89% of the observations were born in English origin 
countries. Among the observations born in English origin countries, 82.72% of them 
obtain English as their first language, and 17.28% of them learnt a language other than 
English as their first language. The remaining 67.11% of the observations are immigrants 
who were born overseas and did not obtain English as their first language. Together with 
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the observations born in English speaking countries who did not acquire English as the 
first language, 72.78% of the total observations are non-native English speakers and 27.21% 
of the total observations are native English speakers. 
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Table 1 Summary of Observations of Each Linguistic 
Linguistic Groups Number of 
Observations 
Percentage of 
Total Observations 
English 4912 27.20% 
Chinese 1271 7.05% 
Spanish 737 4.08% 
Vietnamese 726 4.02% 
German 565 3.13% 
Italian 441 2.44% 
Dutch 370 2.05% 
Arabic 278 1.54% 
Portuguese 149 0.83% 
Japanese 167 0.93% 
French 132 0.73% 
Russian 121 0.67% 
Korean 64 0.35% 
Other  7093 39.29% 
EngOT 1026 5.68% 
Notes: each linguistic group contains the person-year observations whose first language is the language 
indicated by the linguistic group. The total number of observations is 18,052. Others represents 
observations whose first language is not among the listed linguistic group in the table. EngOT represents 
observations who were born in English origin countries while English is not their first language. 
Table 2 shows the self-reported English proficiency of immigrants born overseas. In the 
HILDA survey, all interviewees who speak a language other than English at home are 
asked how well they speak English. There are four answers representing different self-
reported level of English proficiency: Very well, well, not well, not at all. We assume 
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immigrants who speak English as their first language have native English proficiency 
(Very well). The percentage of immigrants whose self-reported English level is ‘very well’ 
is much smaller of Asian linguistic origin immigrants compared to Indo-European 
linguistic origin immigrants, for example, there are 98.41 % of German origin 
observations reporting their English-speaking level as ‘very well’, whereas the percentage 
of Chinses origin observations is 56.33 %. 
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Table 2 English Proficiency Summary of Each Linguistic Origin 
English 
Proficiency 
Very well Well Not well Not at all 
English 4,912  
(100.00%) 
   
Dutch 363  
(98.11%) 
7 
(1.89%) 
  
German 556  
(98.41%) 
9 
(1.59%) 
  
French 120  
(90.91%) 
12  
(9.09%) 
  
Italian 380  
(86.17%) 
53  
(12.02%) 
8  
(1.81%) 
 
Portuguese 132 
(88.59%) 
14  
(9.40%) 
3 
(2.01%) 
 
Arabic 246 
(88.49%) 
27  
(9.71%) 
4 
(1.44%) 
1 
(0.36%) 
Spanish 525 
(71.23%) 
181  
(24.56%) 
30 
(4.07%) 
1 
(0.14%) 
Russian 79 
(65.29%) 
38  
(31.40%) 
3 
(2.48%) 
1 
(0.83%) 
Japanese 103 
(61.69%) 
60  
(35.93%) 
4 
(2.40%) 
 
Korean 39 
(60.94%) 
15  
(23.44%) 
10 
(15.62%) 
 
Vietnamese 415 
(57.16%) 
203  
(7.96%) 
102 
(15.05%) 
6 
(0.83%) 
Chinese 716 
(56.33%) 
409  
(32.18%) 
140 
(11.01%) 
6 
(0.47%) 
Others 5,835 
(82.26%) 
1,098  
(15.48%) 
157 
(2.21%) 
3 
(0.04%) 
EngOT 862 
(84.02%) 
149  
(14.52%) 
15 
(1.46%) 
 
Notes: English Proficiency here represents the self-reported English proficiency. Others represents 
observations whose first language is not among the listed linguistic group in the table. EngOT represents 
observations who were born in English origin countries while English is not their first language. Total 
number of observations in this table is 18,052. 
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We further include Age-of-Arrival in Australia and Years-Since-Migration into our 
models. The descriptive statistics of those two variables by linguistic groups are shown 
in Table 3.  Among Australian immigrants born overseas, compared to other linguistic 
origin immigrants, immigrants with Indo-European linguistic origin arrived in Australia 
at a younger age and have stayed for a longer time after migration. Immigrants with an 
Asian linguistic origin arrived in Australia at an older age and have stayed for a shorter 
time after migration. As we can see from Table 3, the average Age-Of-Arrival of German 
origin immigrants is 14.10 and their average Years-Since-Migration is 34.05. Compared 
with German origin immigrants, in the case of Japanese origin immigrants, the average 
Age-Of-Arrival is almost 10 years older and the Years-Since-Migration is more than 10 
years shorter. 
Other variables we employ in this paper include gender, marital status, education level, 
parents’ education level, industry specialisation, regional origin and living area of the 
state.   
 
 
 
 
 
 
 
 
 
 
 22 
Table 3 Age-of-Arrival and Years-Since-Migration Summary of Each Linguistic Origin 
Linguistic Groups Age-Of-Arrival Years-Since-Migration 
Mean SD Min Max Mean SD Min Max 
English 19.87 11.99 0 66 21.48 12.78 0 66 
Italian 13.40 11.06 0 37 37.01 15.87 1 66 
German 14.10 12.65 0 54 34.05 19.11 0 68 
Dutch 16.57 10.48 1 34 34.18 15.58 3 64 
Vietnamese 16.67 9.59 1 46 20.31 8.20 0 42 
Portuguese 17.94 10.23 1 35 18.50 10.96 1 47 
Korean 20.13 10.02 0 41 13.59 11.93 1 52 
French 20.37 8.72 1 34 26.30 12.00 0 48 
Spanish 20.47 11.75 0 46 18.51 11.90 0 52 
Japanese 23.17 5.95 2 38 16.89 8.94 0 43 
Chinese 23.17 11.25 0 58 16.82 10.05 0 71 
Russian 28.15 10.18 5 38 15.26 8.21 0 55 
Others 21.13 11.89 0 60 20.26 12.73 0 64 
EngOT 21.22 11.51 1 45 17.87 12.14 0 60 
Notes: Others represents observations whose first language is not among the listed linguistic group in the 
table. EngOT represents observations who were born in English origin countries while English is not their 
first language. Total number of observations in this table is 18,052. 
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4 Econometric Model 
 
This section compares the widely used 2SLS approach to our 2-step approach. The 2-
step approach is explained in detail.  
 
4.1  The Widely Used Model from Previous Literature 
 
Most of the literature focusing on the effect of language proficiency on labour market or 
social outcomes using 2SLS is in the following format: 
The first stage equation: 
 𝐿𝐴𝑁𝐺𝑖𝑡 = 𝛼0 + 𝛼𝑧𝑍𝑖𝑡 + 𝑢𝑖𝑡 (1).  
We use 𝑖 ∈ {1, … , 𝑛}  to index an individual and 𝑡 ∈ {1, … , 𝑡}  to label a time point. 
𝐿𝐴𝑁𝐺𝑖𝑡 is the language proficiency of individual 𝑖 at time point 𝑡, 𝑍𝑖𝑡 is a set of IVs for 
language proficiency, 𝛼𝑧 is a set of coefficients of the IVs,  𝑢𝑖𝑡 is the error term of the 
first stage. 
The second stage equation: 
 𝑌𝑖𝑡 = 𝛽0 + 𝛽𝑙𝐿𝐴𝑁𝐺𝑖𝑡 + 𝛽𝑤𝑊𝑖𝑡 + 𝜇𝑖𝑡 (2).  
𝑌𝑖𝑡 is the outcome variable of interest, 𝑊𝑖𝑡 is a set of control variables of the outcome 
variable 𝑌𝑖𝑡, fitted value of 𝐿𝐴𝑁𝐺𝑖𝑡 id the estimated language proficiency of individual 𝑖 
at time point 𝑡 from Equation (1), 𝛽𝑙  is the coefficient of the fitted value of language 
proficiency, which would capture the effect of language proficiency on the outcome 
variable 𝑌𝑖𝑡 .  𝛽𝑤 is a set of coefficients for the control variables, and 𝜇𝑖𝑡 is the error term 
of the second stage. 
Different from the previous literature, we use Probit model instead of OLS in the first 
step, we use a binary self-reported English proficiency to estimate English-Proficiency. 
Also, our main variable of interest is the linguistic origin of immigrants rather than 
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language proficiency, we put more importance in our first step than previous papers that 
use 2SLS. However, in order to come over the biases resulting from the endogeneity of 
language proficiency, we employ an IV into the first step Probit model as the previous 
papers. 
 
4.2  Econometric Model:2-Step Approach 
 
In this paper, instead of 2SLS, we use a 2-step method. In the first step, we use a Probit 
model to estimate English proficiency with a set of control variables. In the second step, 
we estimate the effect of English proficiency on wages of immigrants. Comparing the 
wage differences between estimated English proficiency of different linguistic origin 
from the first step, we can estimate the economic cost of language barriers faced by 
immigrants from each different linguistic origin.  
We define the English proficiency of immigrants as the probability of the immigrants 
speaking English very well. We use a binary variable based on the self-reported English-
speaking skills to estimate the English proficiency of immigrants. Specifically, for 
immigrants whose first language is English, we assign value 1 to the binary variable. For 
immigrants whose first language is not English, we look at their answers to the question 
‘How well you speak English’ in the survey. If their answer is ‘very well’, then we assign 
value 1 to the binary variable. If their answer is either one of ‘well’, ‘not well’, or ‘not at 
well’, we assign value 0 to the binary variable. 
The objective for most papers to choose 2SLS instead of OLS is to deal with the 
endogeneity of language proficiency. As we have the same intention to get rid of the OLS 
biases from endogeneity, we include the widely used instrumental variable Age-of-
Arrival in our first step Probit model. 
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Apart from that, we also include a set of control variables in the first step Probit model.  
As our main interest is to estimate the effect of linguistic origin on weekly income of 
immigrants, we include linguistic origin as our most important control variable, which 
also is our variable of interest. Besides, while we are using the self-reported English 
proficiency, there might be biases as the result of the individual tendency to overestimate 
their English proficiency. To overcome this potential bias, we use a set of dummies for 
regional origins such as Asia, Middle East, Europe, and Africa as another set of control 
variables. We regard the tendency to overestimate English proficiency as the result of 
different cultural backgrounds. For example, in some culture where humbleness is highly 
valued, then, people tend to underestimate their skills when interviewed. Our first step 
Probit model is written as: 
 Pr(𝐸𝑛𝑔𝑖𝑡 = 1|𝑑𝑖
𝐶 , 𝑅𝑖
𝑜, 𝐴𝑖𝑡 , 𝑀𝑖𝑡)
= 𝜙(𝛼0 + 𝛼𝑐𝑑𝑖 + 𝛼𝑟𝑅𝑖 + 𝛼𝑧𝐴𝑖𝑡 + 𝛼𝑚𝑀𝑖𝑡 + 𝜇𝑖𝑡) 
(3).  
Where 𝑑𝑖 is a set of dummy variables representing the language origin of an immigrant 
born overseas: 𝑑𝑖 = {𝑑𝑖
1, … , 𝑑𝑖
𝐶}. If 𝑖 migrated from language origin 𝑐 to Australia, then 
𝑑𝑖
𝐶 = 1, otherwise, it is zero. Each 𝑐 ∈ {1, … , 𝐶} represents a group of countries that share 
the same language as the dominant language. As usual, 𝑑𝑖 = 0 indicates that 𝑑𝑖
𝐶 = 0 for 
all 𝑐 ∈ {1, … , 𝐶}, which means this individual is from English origin countries. Moreover, 
since only one element in 𝑑𝑖 can be one, we often use 𝑑𝑖 = 𝑐 to indicate the vector 𝑑𝑖 
with 𝑑𝑖
𝐶  = 1. 𝑅𝑖 is a set of dummy variables representing the regional origin of an 
immigrant born overseas: 𝑅𝑖 = {𝑅𝑖
1, … , 𝑅𝑖
𝑂} . If 𝑖  migrated from language origin 𝑜  to 
Australia, then 𝑅𝑖
𝑂 = 1, otherwise, it is zero. Each 𝑜 ∈ {1, … , 𝑂} represents a group of 
countries that share similar geographical and cultural characteristics. As usual, 𝑅𝑖 = 0 
indicates that 𝑅𝑖
𝑂 = 0 for all 𝑟 ∈ {1, … , 𝑂}, which means this individual is not from any 
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regional origin represented by the set of dummies. In this paper, 𝑅𝑖
𝑂 = 0  means this 
individual is either from Oceania or North America where English is the dominant 
language. Moreover, since only one element in 𝑅𝑖 can be one, we often use 𝑅𝑖 = 𝑜 to 
indicate the vector 𝑅𝑖 with 𝑅𝑖
𝑂 = 1. 𝐴𝑖𝑡 is the instrumental variable Age-Of-Arrival. 𝑀𝑖𝑡 
is a set of control variables for English proficiency, such as education level, Years-Since-
Migration and parent’s education level. 𝛼𝑐  captures the effect of linguistic origin on 
English-Proficiency, and 𝛼𝑟 captures the tendency of immigrants from different region to 
overestimate their English proficiency. 𝛼𝑧 is the coefficient of the IV Age-Of-Arrival and 
𝛼𝑚 is the coefficient of the control variable. 𝜇𝑖𝑡 is the error term. In the Probit model, we 
employ the Random Effect estimator. 
Our second step approach is written as: 
 ln (𝑌𝑖𝑡) = 𝛽0 + 𝛽𝑒𝐸𝑛𝑔𝑖𝑡 + 𝛽𝑤𝑊𝑖𝑡 + 𝑢𝑖𝑡 (4).  
where 𝑌𝑖𝑡 is the labour market outcome variable of individual 𝑖 at time 𝑡. Here we choose 
weekly income of immigrants as the labour market outcome variable of interest. The 
variable of interest 𝐸𝑛𝑔𝑖𝑡  is estimated as the probability of an immigrant 𝑖  to speak 
English very well at time point 𝑡. We use the natural logarithm of weekly income of 
immigrants as the dependent variable. 𝑊𝑖𝑡  is a set of control variables including the 
interaction term of arrival before age of 12 and Years-Since-Migration, marriage status, 
living in urban area, education levels, parents’ education levels and industries. 𝛽𝑒 
explains the effect of English proficiency on weekly income. 𝛽𝑤 is the coefficient of the 
control variable. As we have panel data available from HILDA survey, we employ the 
fixed effect model to estimate (𝛽𝑒 , 𝛽𝑤)  by difference out the time invariant omitted 
factors that may cause biases on 𝛽𝑒, where 𝛽0 also gets cancelled out. Then we compute 
the standard errors by clustering them to the individual level.  
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From Equation (3), we estimate English proficiency of immigrants from each different 
linguistic origin. To estimate the difference in the effect of each linguistic origin on 
immigrants’ weekly income, we can substitute the estimated English proficiency into 
Equation (4) and do a simple subtraction to get the difference in outcome variable. For 
English origin immigrants, we assign value 1 to their estimated English proficiency. Here, 
we use English origin immigrants’ weekly income as benchmark. As our dependent 
variable is the logarithm of weekly income from the main job, we can get the percentage 
difference in weekly income from the main job between native English-speaking 
immigrants from English origin and immigrants from other linguistic origin by the 
comparisons. 
The equation to make comparisons are written as: 
 ln(𝑌𝑖𝑡|𝑐) − ln(𝑌𝑖𝑡|0) = 𝛽𝑒[Pr (𝐸𝑛𝑔𝑖𝑡 = 1|𝑐)] − 𝛽𝑒[Pr (𝐸𝑛𝑔𝑖𝑡 = 1|0)] (5).  
 
5 Estimation Results 
 
 
5.1 Language Origin and English Proficiency 
 
In the first step, we use Probit model for panel data to run the regression. Table 4 shows 
the estimations of five Probit models we run. 
We use Age-of-Arrival as the IV for English proficiency. We employ both a continuous 
variable representing the immigrant’s Age-of-Arrival and a dummy variable representing 
the critical language learning age (12-year-old). 
In the 5 models we run in Table 5, the set of coefficients of linguistic origin variables are 
statistically significant at 1% significance level, except the coefficient of Dutch which is 
statistically significant at 5% significance level. Compared to native English-speaking 
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immigrants, other language origins all have a negative effect on English proficiency. 
Among the language origins we include in our models, Dutch origin and German origin 
have the smallest negative effect on the immigrant’s English proficiency. All the Asian 
language origins including Japanese, Korean, Chinese and Vietnamese have the largest 
negative effect on the immigrant’s English proficiency.  
We employ the regional variables to control for the individual’s tendency to overestimate 
the English proficiency in Model (5). We employ a set of dummies for regional origins 
(Africa, Asia, Europe, Other-America, and Middle-East) in which English is not the 
dominant language for majority countries. The benchmark is immigrants from North 
America and Oceania, where majority of them are native English speakers and do not 
self-report their English proficiency. We assume there is no tendency for immigrants from 
North America and Oceania to overestimate their English proficiency, as they are native 
English speakers.2 Table 4 model (5) shows people from Asia, Europe, Other-America 
and Middle-East are tend to underestimated their English proficiency, among which 
immigrants from Middle-East tend to underestimated their English proficiency the most. 
The coefficient of Africa is negative but not statistically significant, which means that 
immigrants from Africa origin do not tend to overestimate or underestimated their English 
proficiency. As the set of dummies for regional origin efficiently rule out the tendency to 
overestimate English proficiency by the individual, we choose Model (5) as our optimal 
method for the first step.  
No matter we use a continuous variable or a dummy variable to represent the Age-Of-
Arrival in Australia, it always has a positive effect on the immigrant’s English proficiency. 
                                                 
2 We assign value 1 to native English-speaking immigrants self-reported English proficiency. We assume 
if they need to report their English proficiency, they will report they can speak English very well., which 
is the same as their real English proficiency. 
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Table 4 shows that the age when immigrants first arrived in Australia to live has a 
significantly negative effect on the English proficiency of immigrants at 1% significance 
level. If the immigrant arrives young in Australia, the probability for the immigrant to be 
proficient in English is larger. The result corresponds to the previous literature about the 
relationship between age at arrival and English proficiency of immigrants (Bleakley and 
Chin, 2004). 
Years-Since-Migration is another important control variable for English proficiency. This 
variable accounts for the exposure to English (Chiswick and Miller, 1995), which has a 
positive effect on English proficiency of immigrants. The native English-speakers are 
exposed to English as soon as they are born. The immigrants are exposed to English when 
they first arrived in the destination country. The longer the immigrants have stayed in the 
destination country since migration, the longer the immigrants have been exposed to 
English. Table 4 shows that the variable Years-Since-Migration has a positive effect on 
immigrants’ English proficiency. 
Other control variables include gender, marital status, education level and parents’ 
education level. Male immigrants tend to be less proficient in speaking English for all 
language origins. Immigrants who are married are worse at speaking English, which could 
be a result of same language origin marriages where the couple communicate in their 
native language rather than English. The education level has a significantly positive effect 
on English proficiency of immigrants in Australia, where immigrants with a postgraduate 
or above education level are estimated to have the highest English proficiency. Regarding 
immigrants’ parents’ education level, mother’s education level has a positive effect on 
immigrants’ English proficiency. However, although the father’s education level appears 
to have a negative effect on immigrants’ English proficiency, it is not statistically 
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significant in all models presented in Table 4., which means that mother’s education level 
has a dominant effect on immigrants’ English proficiency when considering parents’ 
education levels. One reasonable explanation is that mother is the one who communicates 
with children more in the case of most families.   
The estimation of English proficiency of each linguistic origin from model (5) is shown 
in Table 5. The estimation of English proficiency is the probability of immigrants from 
each linguistic origin to speak English very well. All the estimations are taken at the 
sample means. As we can see from Table 5, the probability for Dutch origin immigrants 
to speak English very well is 79.28%. However, the probability for Chinese origin 
immigrants to speak English ‘Very Well’ is as low as 43.54%. The differences in the 
estimated English proficiency show different level of language barriers immigrants from 
each different linguistic origin face. 
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Table 4 The Estimation of the First Step Probit Model  
 English-Proficiency (Pr |𝐸𝑛𝑔𝑖𝑡 = 1) 
 Probit Models 
 (1).  (2).  (3).  (4).  (5).  
Age-of-Arrival -0.029** 
(0.007) 
-0.013** 
(0.007) 
   
Arrived-Young   2.168*** 
(0.003) 
1.848*** 
(0.292) 
1.830*** 
(0.287) 
Years-Since-Migration 0.059** 
(0.008) 
0.079*** 
(0.008) 
0.011*** 
(0.003) 
0.022*** 
(0.003) 
0.023*** 
(0.003) 
Age-of-Arrival*Years -Since-
Migration 
-0.002** 
(0.000) 
-0.002** 
(0.000) 
   
Arrived-Young*Years -Since-
Migration 
  0.004 
(0.006) 
0.007 
(0.010) 
0.009 
(0.010) 
German -1.419*** 
(0.380) 
-1.629*** 
(0.393) 
-1.370*** 
(0.375) 
-1.578*** 
(0.386) 
-0.415*** 
(0.104) 
Dutch -1.374** 
(0.491) 
-1.552** 
(0.493) 
-1.213** 
(0.475) 
-1.380** 
(0.475) 
-0.216** 
(0.088) 
French -2.415*** 
(0.515) 
-2.688*** 
(0.517) 
-2.256*** 
(0.507) 
-2.550*** 
(0.505) 
-1.372*** 
(0.515) 
Portuguese -2.848*** 
(0.405) 
-2.740*** 
(0.407) 
-2.914*** 
(0.409) 
-2.819*** 
(0.407) 
-1.919*** 
(0.435) 
Italian -3.298*** 
(0.316) 
-3.370*** 
(0.319) 
-3.110*** 
(0.313) 
-3.170*** 
(0.313) 
-2.002*** 
(0.334) 
Russian -3.414*** 
(0.458) 
-3.690*** 
(0.461) 
-3.522*** 
(0.456) 
-3.781*** 
(0.456) 
-2.586*** 
(2.384) 
Arabic -2.822*** 
(0.359) 
-2.800*** 
(0.365) 
-2.863*** 
(0.359) 
-2.811*** 
(0.361) 
-3.051*** 
(0.375) 
Japanese -3.965*** 
(0.363) 
-4.189*** 
(0.367) 
-3.720*** 
(0.485) 
-4.016*** 
(0.361) 
-2.999*** 
(0.492) 
Korean -3.925*** 
(0.498) 
-4.129*** 
(0.501) 
-3.720*** 
(0.485) 
-3.943*** 
(0.486) 
-3.272*** 
(0.257) 
Chinese -4.036*** 
(0.228) 
-4.216*** 
(0.233) 
-4.024*** 
(0.230) 
-4.206*** 
(0.231) 
-3.272*** 
(0.257) 
Spanish -3.729*** 
(0.256) 
-3.850*** 
(0.258) 
-3.698*** 
(0.252) 
-3.813*** 
(0.256) 
-2.928*** 
(0.437) 
Vietnamese -4.178*** 
(0.252) 
-4.167*** 
(0.256) 
-4.050*** 
(0.252) 
-4.062*** 
(0.252) 
-3.136*** 
(0.276) 
Others -2.954*** 
(0.195) 
-3.030*** 
(0.199) 
-2.935*** 
(0.252) 
-3.005*** 
(0.196) 
-2.091*** 
(0.218) 
EngOT -2.787*** 
(0.240) 
-2.798*** 
(0.242) 
-2.685*** 
(0.197) 
-2.696*** 
(0.239) 
-2.402*** 
(0.237) 
Male  -0.151* 
(0.082) 
 -0.157* 
(0.081) 
-0.137* 
(0.080) 
Married  -0.914* 
(0.064) 
 -0.910*** 
(0.063) 
-0.907*** 
(0.063) 
Urban-Area  -0.295** 
(0.114) 
 -0.291** 
(0.114) 
-0.237** 
(0.113) 
Diploma  0.131 
(0.090) 
 0.132 
(0.089) 
0.120 
(0.088) 
Bachelor  0.557*** 
(0.130) 
 0.583*** 
(0.098) 
0.603*** 
(0.097) 
Postgraduate-and-Above  0.898*** 
(0.130) 
 0.896*** 
(0.128) 
0.940*** 
(0.128) 
Father-Education   -0.019 
(0.094) 
 -0.053 
(0.093) 
-0.050 
(0.093) 
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Table 4 (Continued)      
Mother-education   0.205** 
(0.101) 
 0.226** 
(0.100) 
0.198** 
(0.100) 
Africa     -0.356 
(0.231) 
Asia  
 
   -1.133*** 
(0.186) 
Europe 
 
    -1.394*** 
(0.201) 
Other-America 
 
    -1.042** 
(0.4260) 
Middle East 
 
    -1.476*** 
(0.254) 
Constant 4.914*** 
(0.283) 
4.876*** 
(0.310) 
3.933*** 
(0.207) 
4.325*** 
(0.242) 
4.439*** 
(0.247) 
Prob > chi2 0.0000 0.0000 0.0000 0.0000 0.0000 
Notes: * 𝑝 < 0.1; ** 𝑝 < 0.05; ***𝑝 < 0.01. Standard errors are reported in parentheses. Others represents 
observations whose first language is not among the listed linguistic group in the table. Total number of total 
observations of this table is 18,052. EngOT represents observations who were born in English origin 
countries while English is not their first language. English proficiency is estimated as the probability of 
individual 𝑖 at time point 𝑡 to speak English very well. Father-Education is a dummy for the immigrant’s 
father’s education is equal to or higher than year 12. Mother-Education is a dummy for the immigrant’s 
mother’s education is equal to or higher than year 12. Urban-Area is a dummy for living in urban areas. 
Other-America is a dummy for the total region of America except North America. 
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Table 5 Estimated English Proficiency of Each Linguistic Group 
Linguistic Groups Estimated-English-Proficiency 
German 0.793 
(0.047) 
Dutch 0.815 
(0.054) 
French 0.670 
(0.071) 
Portuguese 0.594 
(0.061) 
Italian 0.586 
(0.046) 
Russian 0.499 
(0.065) 
Arabic 0.530 
(0.052) 
Japanese 0.436 
(0.049) 
Korean 0.440 
(0.066) 
Chinese 0.435 
(0.030) 
Spanish 0.468 
(0.057) 
Vietnamese 0.438 
(0.034) 
Others 0.710 
(0.014) 
EngOT 0.546 
(0.029) 
Notes: Standard errors are reported in parentheses. Others represents observations whose first language is 
not among the listed linguistic group in the table. EngOT represents observations who were born in English 
origin countries while English is not their first language. English proficiency is estimated as the probability 
of individual 𝑖 at time point 𝑡 to speak English very well. 
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5.2 Wage Equation with English Proficiency 
 
We run several models with different control variables included to estimate the effect of 
English proficiency on labour market outcome, which is weekly income in this paper. 
Table 6 and Table 7 show the estimations of 6 models we run. Except for Models (4), (5), 
and (6), all the other models result in a statistically insignificant coefficient for English 
proficiency and its higher order term. In Models (1), (2), and (3), we include interaction 
terms of Years-Since-Migration and Regional-Origin to capture how culture and 
ethnicities change overtime, but there is no significant evidence for the effects. We leave 
those interactions out of the models as they are not informative. In Model (4), we include 
the second order term of the estimated English proficiency to capture nonlinearity. Other 
control variables include the interaction term of arrived Australia at a young age and 
Years-Since-Migration, the quadratic term of Years-Since-Migration, the education level 
dummy variables, parents’ education level and industry dummy variables. Although in 
Model (4), the coefficients for the quadratic term of estimated English proficiency is 
statistically significant, we do not choose Model (4) as the optimal model, as we regard 
Years-Since-Migration as a not informative control variable. We employ the Fixed Effect 
estimator using our panel data to cancel out the innate differences of individuals that does 
not change overtime, such as intelligence, working attitudes, and cultural differences. In 
the Fixed Effect method, the variable Years-Since-Migration is not informative. For every 
individual, the change of Years-Since-Migration is 1 every year, which makes it an 
uninformative control variable as the change of it is the same for every individual. Thus, 
in Models (5) and (6), we leave out the variable Years-Since-Migration. Compared to 
Model (5), the coefficient of estimate English proficiency in Model (6) is statistically 
significant at 1% significance level, and all the coefficients of other control variables do 
 35 
not change significantly. Besides, in Model (6), we have the smallest standard error of 
the coefficient of English proficiency. We choose Model (6) as our optimal equation for 
the second step estimation. 
Regarding the effect of estimated English proficiency on the logarithm of the weekly 
income, Table 7 Model (6) shows that English proficiency has a strong positive effect on 
the weekly income of immigrants. The coefficient is statistically significant at 1% 
significance level. An immigrant with perfect English proficiency can earn 77.9 % more 
than an immigrant who is not able to speak English. 
Marriage status also has a significant effect on the weekly income for immigrants. As 
predicted by Model (6), if an immigrant is married, holding other conditions identical, 
the immigrant will earn 15.73% more than immigrant who is not married. The reasonable 
explanation could be that a married immigrant has more motivation to work harder for 
the family. 
From Model (6), we can see that education level is another crucial variable that affects 
the wages of immigrants. In this model, we use immigrants whose education level is year 
12 or below as the benchmark. Holding other conditions constant, immigrants with 
diploma degree would earn 53.69 % higher per week than immigrants whose education 
level is 12 or below. Immigrants with bachelor degrees and postgraduate degrees and 
above are 83.63 % and 105.31 % higher respectively compared to immigrants whose 
education level is year 12 or below. 
Parents’ education levels (Father-Education and Mother-Education) are also valid control 
variables. The parents’ education level variables are a set of dummy variables to indicate 
whether the immigrant’s father’s or mother’s education level is higher than year 12. Table 
6 shows both Father-Education and Mother-Education have a statistically significant 
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positive effect at 1% significance level on the weekly income of the immigrant. The 
magnitudes of the coefficients are also significant. If the immigrant’s Father-Education 
is equal to or higher than year 12, the immigrant would earn 17.42 % more weekly than 
the immigrant whose Father-Education is lower than year 12. The magnitude of 
difference for Mother-Education is 19.23%. 
The industry that the immigrant works in has some effect on the weekly income as well. 
Among the five industry categories defined in the model, we use other industry which we 
cannot precisely define among the four typical industries (consumer industry, 
manufacture industry, high tech industry and health industry) as the benchmark. The 
health industry has the most positive effect resulting a 2.83 % more weekly income from 
the main job than the ‘other’ industry. The high-tech industry has the most negative effect 
resulting in a 7. 61 % less weekly income from the main job than the ‘other’ industry. 
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Table 6 Estimations of Second Step Regression (YSM*Regional Origin Included) 
Notets: * 𝑝 < 0.1; ** 𝑝 < 0.05; ***𝑝 < 0.01. Standard errors, reported in parentheses, are clustered to individual 
level. Father-Education is a dummy father’s education level is equal or higher than year 12. The same for 
Mother-Education.  
 
 ln (𝑊𝑒𝑒𝑘𝑙𝑦 𝐼𝑛𝑐𝑜𝑚𝑒) 
 Models 
Variables (1).  (2).  (3).  
Estimated English proficiency 0.062 
(0.132) 
-0.115 
(0.329) 
-0.160 
(0.322) 
Estimated English proficiency2  0.060 
(0.254) 
0.186 
(0.247) 
Years-Since-Migration 0.034*** 
(0.004) 
0.087*** 
(0.006) 
0.023*** 
(0.005) 
Years-Since-Migration2  -0.001*** 
(0.000) 
0.034*** 
(0.004) 
Years-Since-Migration×Arrived young 0.023*** 
(0.005) 
0.057*** 
(0.006) 
 
Years-Since-Migration * Africa 0.006 
(0.007) 
0.001 
(0.007) 
0.006 
(0.007) 
Years-Since-Migration * Asia 0.009* 
(-0.005) 
0.004 
(0.005) 
0.009* 
(0.005) 
Years-Since-Migration * Europe -0.012* 
(0.006) 
0.002 
(0.006) 
-0.013* 
(0.008) 
Years-Since-Migration * Middle East 0.009 
(0.011) 
0.009 
(0.011) 
0.009 
(0.011) 
Years-Since-Migration * North America -0.013 
(0.008) 
-0.009 
(0.008) 
-0.013 
(0.008) 
Years-Since-Migration * Other America 0.003 
(0.010) 
0.003 
(0.010) 
0.004 
(0.010) 
Married 0.021 
(0.024) 
-0.023 
(0.024) 
0.026 
(0.025) 
Urban Area 0.071 
(0.046) 
0.068 
(0.045) 
0.073 
(0.046) 
Diploma 0.442*** 
(0.052) 
0.340*** 
(0.049) 
0.441*** 
(0.052) 
Bachelor 0.801*** 
(0.060) 
0.681*** 
(0.059) 
0.799*** 
(0.060) 
Postgraduate and Above 0.920*** 
(0.102) 
0.731*** 
(0.097) 
0.916*** 
(0.103) 
Father-Education  0.021 
(0.038) 
-0.007 
(0.037) 
0.021 
(0.038) 
Mother-Education  0.175*** 
(0.040) 
0.142*** 
(0.039) 
0.174*** 
(0.040) 
Consumer Industry -0.059* 
(0.034) 
-0.053 
(0.033) 
-0.059* 
(0.034) 
Manufacture Industry 0.010 
(0.041) 
0.017 
(0.040) 
-0.020 
(0.042) 
High Technology Industry -0.061 
(0.038) 
-0.067* 
(0.037) 
-0.076* 
(0.039) 
Health Industry 0.021 
(0.045) 
0.015 
(0.043) 
0.028 
(0.045) 
Constant 5.151*** 
(0.132) 
4.704*** 
(0.148) 
5.021*** 
(0.152) 
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Table 7 Estimations of Second Step Regression (YSM*Regional Origin dropped) 
Notes: * 𝑝 < 0.1; ** 𝑝 < 0.05; ***𝑝 < 0.01. Standard errors, reported in parentheses, are clustered to individual 
level. Father-Education is a dummy father’s education level is equal or higher than year 12. The same for 
Mother-Education.  
 
 ln (𝑊𝑒𝑒𝑘𝑙𝑦 𝐼𝑛𝑐𝑜𝑚𝑒) 
 Models 
Variables (4).  (5).  (6).  
Estimated English proficiency -0.097 
(0.329) 
-0.094 
(0.334) 
0.779*** 
(0.134) 
Estimated English proficiency2 0.623* 
(0.252) 
0.727** 
(0.255) 
 
Years-Since-Migration×Arrived young  0.046*** 
(0.004) 
0.046*** 
(0.004) 
Years-Since-Migration 0.001** 
(0.000) 
  
Years-Since-Migration2 0.035*** 
(0.006) 
  
Years-Since-Migration * Africa    
Years-Since-Migration * Asia    
Years-Since-Migration * Europe    
Years-Since-Migration * Middle East    
Years-Since-Migration * North America    
Years-Since-Migration * Other America     
Married 0.154*** 
(0.025) 
0.177*** 
(0.024) 
0.157*** 
(0.023) 
Urban Area 0.064 
(0.047) 
0.060*** 
(0.047) 
0.054 
(0.048) 
Diploma 0.527*** 
(0.051) 
0.531*** 
(0.050) 
0.537*** 
(0.050) 
Bachelor 0.844*** 
(0.062) 
0.828*** 
(0.061) 
0.836*** 
(0.061) 
Postgraduate and above 1.043*** 
(0.104) 
1.036*** 
(0.103) 
1.053*** 
(0.101) 
Father-Education  0.146*** 
(0.038) 
0.170*** 
(0.037) 
0.174*** 
(0.037) 
Mother’-Education  0.185*** 
(0.040) 
0.187*** 
(0.040) 
0.192*** 
(0.040) 
Consumer industry -0.070* 
(0.034) 
-0.072* 
(0.034) 
-0.072* 
(0.034) 
Manufacture industry -0.015 
(0.042) 
-0.020 
(0.042) 
-0.023 
(0.042) 
High technology industry -0.073* 
(0.039) 
-0.076* 
(0.039) 
-0.076* 
(0.0387) 
Health Industry 0.021 
(0.045) 
0.028 
(0.045) 
0.028 
(0.045) 
Constant 5.151*** 
(0.132) 
5.021*** 
(0.152) 
4.852*** 
(0.138) 
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5.3 Economic Cost of Language Barriers 
 
Our main interest is to estimate the economic cost of language barriers faced by 
immigrants from each different linguistic origin. Running Equation (5),3 we estimate the 
economic cost as the differences in weekly income among immigrants from two different 
linguistic origins. Table 8 shows the comparisons between native English-speaking 
immigrants and other linguistic origin immigrants regarding the weekly income. 
Compared to the English origin immigrants, all the immigrants are negatively affected by 
their linguistic origins regarding their weekly income. Among the 12 different linguistic 
origins in Table 8, Dutch origin has the least negative effect on the weekly income of 
immigrants.4  Immigrants with Dutch origin has an estimated English proficiency as 
0.8154, which results in 14.37% less earnings in weekly income than immigrants from 
English origin. Asian language origins are predicted to have the most negative effect on 
immigrants’ weekly income and the economic cost of language barriers are larger. From 
Table 8, an immigrant with Japanese language origin has an estimated English 
proficiency as 0.4356, which results in 54.95 % less earnings in weekly income than an 
immigrant from English origin countries. We can say that the economic cost faced by 
Japanese origin immigrants associated with language barriers is more than 3 times larger 
compared to Dutch origin immigrants. 
Apart from comparing weekly income of each linguistic origin immigrants to native 
English-speaking immigrants from English origin countries, we can also compare the 
labour market outcome variable of each linguistic origin other than English with each 
other. For example, holding other conditions constant, we can compare the weekly 
                                                 
3 The equations are defined in Section 4. 
4 We do not discuss Others and EngOT, as these two linguistic group does not have a specific dominant 
language. 
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income from the main job of Korean origin immigrants and Dutch origin immigrants, we 
find out that Korean origin immigrants earn 29.26 % less from weekly income than Dutch 
origin immigrants, which is the estimated relevant economic cost of language barrier 
faced by Korean origin immigrants compared to Dutch origin immigrants. 
Table 8 Estimated Effect of Linguistic Origin on Weekly Income  
 Estimated English Proficiency Percentage Differences 
English 1 
 
 
Dutch 0.8154 
(0.0540) 
14.37% 
German 0.7928 
(0.0471) 
16.13% 
French 0.6700 
(0.0706) 
25.70% 
Portuguese 0.5937 
(0.0607) 
31.64% 
Italian 0.5857 
(0.0455) 
32.26% 
Arabic 0.5297 
(0.0516) 
36.62% 
Russian 0.4991 
(0.0646) 
39.01% 
Spanish 0.4684 
(0.0567) 
41.40% 
Korean 0.4397 
(0.0661) 
43.63% 
Vietnamese 0.4384 
(0.0338) 
43.73% 
Japanese 0.4356 
(0.0493) 
43.95% 
Chinese 0.4354 
(0.0300) 
43.97% 
Others 0.7096 
(0.0144) 
22.61% 
EngOT 0.5456 
(0.0288) 
35.38%                                                                                                                                                                                                                                                                                                                                            
Note: Standard errors are reported in parentheses. The Percentage Difference represents the weekly income 
difference of immigrants from each linguistic origin compared to English origin immigrants. Others 
represents observations whose first language is not among the listed linguistic group in the table. EngOT 
represents observations who were born in English origin countries while English is not their first language. 
English proficiency is estimated as the probability of individual 𝑖 at time point 𝑡 to speak English very well. 
 
 
 
 
 41 
6 Summary and Implications 
 
 
6.1 Summary of This Paper 
 
Language proficiency of immigrants is crucial for their economic and social integration 
and assimilation in the destination country. The effect of language proficiency on labour 
market and social outcomes has been extensively discussed based on different destination 
countries and regarding different languages. In this study, we estimate the effect of 
immigrants’ linguistic origin on labour market outcome through English proficiency. 
We use a 2-step approach in this study, not only to get rid of the endogeneity of English 
proficiency, but also to include linguistic origin of immigrants as a control variable. We 
use Probit model in the first step to estimate English proficiency and use the estimated 
English proficiency in the second step to estimate the weekly income. Our 2-step 
approach allows us to estimate the percentage differences of weekly income between 
immigrants from each different linguistic origin, which is regarded as the economic cost 
of language barrier faced by immigrants from different linguistic origin. 
Our estimations show that all the linguistic origins other than English have a negative 
effect on immigrants’ weekly Australia compared to immigrants from English origin. 
Dutch origin immigrants tend to have the highest English proficiency and are estimated 
to earn 14.37 % less of weekly income from the main job than English native-speaking 
immigrants from English origin. Chinese origin immigrants tend to have the lowest 
English proficiency and are estimated to earn 43.97 % less of weekly income from 
English origin immigrants.  
 
 
 
 42 
6.2 Policy Implications 
 
This study raises up some policy implications. First, English proficiency has a significant 
influence on the labour market performance of immigrants and linguistic origin largely 
affects immigrants’ English proficiency. When the government is offering language 
courses to immigrants on family visa or refugee visa, it is recommended to consider the 
linguistic origin of the immigrants and offer different level of language courses to 
immigrants with different linguistic origin. For example, it would be harder for Chinese 
origin immigrants to reach the same level of English proficiency compared to German 
origin immigrants. The government could consider offer the basic level courses to 
Chinses origin immigrants and advanced level courses to Dutch origin immigrants. 
Second, besides English proficiency, education level also has a significant effect on 
immigrants’ labour market performance. In order to get over the weakness from linguistic 
origin, immigrants could work on achieving higher level of education. The government 
should subsidy immigrants’ higher level of education to help them come over their 
weakness from linguistic origin.  
 
6.3 Implications for Further Studies 
This paper assumes the dominant language of the origin country as the immigrant’s first 
language. This assumption is due to the information limitation of the HILDA survey. If 
there is specific information about the immigrants’ first language, employing the 
empirical approach in this paper, the estimates would be more accurate.  
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